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Background/Objective m

» Readmissions following percutaneous coronary intervention
(PCI) are frequent, costly, and often preventable.
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» Linked to claims data using Michigan Value Collaborative s [0{@4U rately prediCtS 30-day readmission and 1-year
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beneficiaries in the state of Michigan. morta“ty for elderly pahents after PCI. All Data 0.813 (0.795-0.831) | 8,030 | 0.743(0.726-0.760)
= XGBoost Machine Learning Model trained on development . Female 3,077 |0.803(0.775-0.832) | 3,064 | 0.708(0.681-0.735)
cohort (60% split of the patient population). 1-Year Mortality 30-Day Readmission STEMI 159 | 0.785(0.584-0.986) | 152 0.701 (0.581-0.822)
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* Model performance assessed using area under the
receiver-operating characteristic curve (AUC) on validation
cohort (40% split of patient population).

Table 2. XGBoost model performance in select populations.
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Figure 1: AUC Curves demonstrating discrimination of XGBoost Models for 1-year mortality and 30-day readmission Figure 2: Calibration curves for XGBoost Models.
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